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Gesture Recognition Based on Weighted Feature Distance

WANG Yan XU Shiyi CHEN Hai-yun

(Department of Electric Engineering and Information, Southwest Petroleum University,Chengdu 610500, China)

Abstract Gesture recognition based on computer vision has become a hot research topic. But due to the influence of il-
lumination.environment and other factors, method based on single feature can’t identify gestures well. Therefore a
method combined Hu invariant moments with number of fingertips as features of static gestures was proposed. After
preprocessing the collected static gesture images,a kind of skin color model was applied to segment gesture, then the
numbers of fingertips were detected by centroid distance method,and then the Hu values of the extracted gesture con-
tour were calculated. Next the number of fingertips and Hu values were weighted respectively as gesture features. Final-
ly the template matching was used to recognize gestures by weighting and fusing feature distance. Experimental results
show that the proposed way can obtain a higher recognition rate of ten kinds of gestures than traditional Hu invariant
moments feature recognition method and fingertip detection recognition method.
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