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Multilevel Color Image Segmentation Based on Improved Glowworm Swarm Optimization Algorithm

Abstract

MAO Xiao

HE Lifang WANG Qing-ping
(Faculty of City,Kunming University of Science and Technology, Kunming 650093, China)

In order to improve the segmentation effect of color image.a novel multilevel color image segmentation me-

thod was presented based on an improved glowworm swarm optimization (IGSO) algorithm which uses Kapur’s entro-

py. Aiming at the problem that the glowworm swarm optimization algorithm has low convergence speed and accuracy in

the later period,an improved glowworm swarm optimization (IGSO) algorithm was presented based on adaptive step

and global information. Depending on the effect of step size and the direction of movement on the convergence,IGSO al-

gorithm improves convergence by adding global information and adaptive step with iterations and dimension of the

search space during the course of movement. The experimental results show that it is a better method for multilevel co-

lor image segmentation compared with GSO algorithm,improved quantum-behaved particle swarm optimization (CQP-

SO)algorithm and modified bacterial foraging (MBF) algorithm.
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