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Abstract

posed a global multi-object tracking algorithm using hierarchical data association following the tracking by detection

Tracking by detection is a main research direction in the field of multi-target tracking in recent years, We pro-

framework. We first obtained the detection response in the whole video using an object detector,and then utilized the to
solve the data association problem on detection response in video clip and obtained tracklets. At last we obtained the ob-
ject track by solving the association problem on tracklets in whole video using a hierarchical method. Experiments on the
public datasets show the proposed method can solve data association and handle occlusion effectively.
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