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Fake Chapters Recognition in Shiji Based on Text Classiffication Methods
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Abstract The text classiffication methods based on the machine learning are used to study how to distinguish the fake
chapters in Shiji. Shiji is the first general history book in our country and distinguishing fake chapters is always one of
the main problems in its study. But the traditional methods are subjective and can not apply quantitative analysis, and
even many famous results are contradictive. In this paper,a method of distinguishing fake chapters was presented which

can do quantitative research on this subject. This method can also be used in many other studies of the history.
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{“alpha’ (0. 0001,0. 00001, BOOL {*penalty”.*12”.“alpha’ :1le— 05} 0. 865
SGD 0.000001) , ‘penalty” . (*117, TF {*penalty” ‘11”7, “alpha’;:1e—06} 0.743
‘127, “elasticnet”) } TF-1DF {“penalty”: ‘11”7, “alpha’:0. 0001} 0.711
BOOL {*penalty”:“117,°C”.100} 0.937
{¢C’.(1,10,100,1000) , . N
LR . . TF {*penalty”:“117,°C”:1000} 0.838
penalty” . (‘117,°12")}
TFIDF {“penalty”.“117,°C’.100} 0. 895
BOOL {“loss”: “hinge’,‘C’ .1} 0.822
o {*C?.(1,10,100,1000), “loss’ : _ g -
LinearSVC o . X TF {*loss”: “hinge’,*C’:10} 0.779
(*“hinge’, “squared hinge’)}
TFIDF {“loss”: “hinge’,*C’ 100} 0.789
BOOL {“kernel’ ; ‘linear’,*C’ .1} 0.854
o {“kernel” : [ “rbf”, ‘linear’ ], *C’: F— Iy -
SVC - TF {*kernel”’ ; ‘linear’,*C”;100} 0.701
[1.10,100,10007}
TF-1DF {*kernel” ; ‘linear”,*C” 100} 0.763
BOOL {“alpha’:1.0} 0.818
. . {*alpha’:(1.,0.1,0.01,1E—3., —
MultinomialNB . TF {“alpha’:1e—05} 0.512
1E—4,1E—5)}
TFIDF {*alpha’.0.01} 0.737
{*n neighbors’: (5,10, 15, 20), BOOL {“n neighbors’:20. ‘ weights” ; “uniform” } 0. 807
Kneighbors ‘weights”: (‘uniform”, TF {*n neighbors”:20, ‘ weights” ; *distance” } 0.728
“distance”) } TF-1DF {*n neighbors”:20, ‘ weights” ;'uniform’} 0.672
BOOL {*n estimators’:50} 0.847
RandomForest {‘n estimators’;(10,50,100)} TF {*n estimators’;100} 0. 864
TF-1DF {‘n estimators’:100} 0. 856
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