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Assignment Reduction of Intuitionistic Fuzzy Ordered Decision Information System

SANG Bin-bin XU Wei-hua
(School of Science,Chongqing University of Technology,Chongging 400054 , China)

Abstract Based on intuitionistic fuzzy sets,a new order relation was established by weighting the intuitionistic fuzzy
numbers. The intuitionistic fuzzy order decision information system was established by the traditional order relation and
the new order relation respectively. Then,on the basis of the definition of assignment function and assignment of coordi-
nation sets,judgement theorem for the assignment reduction and discernibility matrixare was given in the system. Fur-
thermore, the specific method of assignment reduction was established in an intuitionistic fuzzy ordered decision infor-
mation system. Finally the effectiveness of the method is verified by an example.
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