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Survey on Visual Tracking Algorithms Based on Deep Learning Technologies

JIA Jing-ping QIN Yi-hua
(School of Control and Computer Engineering, North China Electric Power University, Beijing 102206 , China)

Abstract Visual tracking is a fundamental subject in the field of computer vision. Classical tracking methods are not
good at handling the problems of the complex background,such as illumination variation,great change of the target size
and posture change greatly or occlusion and so on. Meanwhile, the introduction of deep learning technologies opens a
new way of visual tracking study. There are a few research literature on visual tracking based on deep learning relative-
ly,both in China and abroad at present. In order to attract more researchers in the field of visual tracking to explore and
discuss deep learning,and to promote the research of visual tracking algorithm, this overview briefly reviewed the re-
search status of visual tracking and deep learning. Then we focused on the related literatures about algorithms of visual
tracking based on deep learning,and discussed their advantages and disadvantages. Finally, we proposed the direction of
further research and the prospect of visual tracking algorithm based on deep learning.
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