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Abstract M-Chord is a high dimensional vector index based on the P2P network, and the sparse vector of the clustering
edge is easy to intersect with the query circle, which makes the area of the query increased, and the efficiency of M-
Chord is reduced. Based on the idea of M-Chord, this paper proposed a distributed high dimensional vector index (CS-
Chord) based on clustering, which separates the edge vectors from the dense vectors. The vector of the central region is
still stored in the Chord loop, which saves a lot of resources locating time and improves the efficiency of retrieval. Ex-
perimental results show that when the query radius is 0. 2, the number of CS-Chord distance computation 2000, reducing

about 2500 times compared with M-Chord. The message forwarding times of CS-Chord decreases about 150 times,only

50% of M-Chord.
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