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Research on Crawler Algorithm for Theme of Books

ZHANG Lijing ZENG Qing-tao LI Ye-li SUN Hua-yan ZI Yun-fei
(School of Information Science and Technology, Beijing Institute of Graphic Communication, Beijing 102600, China)

Abstract Aiming at the problem that the information crawling result of a book contains a lot of useless data,a kind of
crawler algorithm was proposed, which is based on the book topic. The algorithm mainly consists of two parts,one part
is based on the ODP (Open Directory System) dynamic keyword expansion method to describe the subject, the other
part is the semantic extension of lexical entry based on VSM (Vector Space Model) topic correlation algorithm. The
new algorithm, the VSM algorithm based on keywords and VSM algorithm based on ODP were analyzed through expe-
riment. The result indicates that the precision and the recall rate of the new algorithm are higher than that of other two
algorithms.
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