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Short-term Load Forecasting of Power System Based on Alternating Particle Swarm BP Network
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Abstract Short-term load forecasting is a key link in the normal operation of power system. Based on accurate load
forecasting,an alternating particle swarm optimization algorithm was proposed to optimize the BP network model to
predict short-term load in this paper. In order to determine the weight of the BP neural network, the weights of the BP
neural network were optimized by using the alternating particle algorithm to reduce the error caused by the neural net-
work prediction model to solve the short term load forecasting. The experimental results show that the optimized BP

neural network prediction model is less accurate than the traditional BP neural network prediction model and closer to
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the actual power load.
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