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Study on Abnormal Diagnosis of Moving ECG Signals Based on Unsupervised Learning
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Abstract To diagnosis the abnormal mobile ECG signals,a method based on unsupervised learning was proposed. The
ECG data is classified by hierarchical clustering,and by combining the priority diagnosis method of the feature quantity,

the complexity of time and the complexity of space consuming are effectively reduced. At last, the analysis of the exam-
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ples verifies the methods of this paper.
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