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Application Survey of Artificial Intelligence in Neurology
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Abstract Artificial intelligence affects all aspects of people’s lives,and medical treatment has become one of the most
popular areas of artificial intelligence. More and more artificial intelligence equipments are used to assist doctors in the
diagnosis and treatment. The application of artificial intelligence in neurology was reviewed, especially for the diagnosis
of Parkinson’s disease and Alzheimer’s disease. Firstly, the development history, classification and application status of
artificial intelligence were expounded. Secondly, the research status of artificial intelligence diagnosis of Parkinson’s di-
sease and Alzheimer’s disease was summarized, and the key technologies used to diagnosis Parkinson’s disease and
Alzheimer’s disease were analyzed. Finally, The technology in the application of medicine was summarized, and the

importance of the application of artificial intelligence in the medical field was clarified. The future research direction of
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artificial intelligence in the application of neurology was prospected.

Keywords Artificial intelligence, Parkinson, Alzheimer’s disease
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