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Text Extraction in Video and Images: A Review
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Abstract Text extraction in video and images has important application value. Big data era brought urgent demands of
huge amounts of information retrieval, many text extraction methods have been proposed in recent years. In this paper,
we reviewed text extraction methods from video and images. First, we classified the course of text extraction into two
steps: text region detection and localization, text segmentation. Then, some text region detection and localization and text
segmentation algorithms have been discussed regarding their application fields and their advantages and disadvantages.

Finally, we discussed benchmark data and performance evaluation, and pointed out the promising directions for future
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T 520 66, 3R 28 B A3 BIMBHE SCAR X Bl S SCAR X Sl it R &
RN B K2 1T, Zhang %2 i3 & 4 BEVL
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55 3CA KBRS » PR iR — A~ Pk B AT 5% 10 % 58 X 304
B R i)
2.1.4 ATEEREGEE
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e JE AR A I 98 BE W AR AL SRAG I SCAC . S 98 BE Y 8 LA
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KT RSP BEAGFEGR P EENER, Yao F 4R
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RP) s B J5 » (i kAR AR 3 7 R & A A1 5, HE 5] A —
A E RS 1 ok M BR AN SCAS S vh ST AR 1 P RN AR R
FHE.

Zhang VAR H —FHT R UA KW B . RH
FALGER B F AP S MR X B T AR A X
FRbE, I B ARG R R b BHRIBUCCART .
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FEM R AE T8 MSER 1E 2 SCA B 3 XS A 20tk 3¢
A XS RN B BN EX LR, B TR
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Char74k ¥4 Fe b, SE 30 T 72% BYIR 5 25 78 ICDAR 20003
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XFLGBE (B A SRR I S5 T R RE R 4T, SEI g SR
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FE BT X R #E L (Object Proposals, OP) k. ZHEH
Sef#i ] MSER SEBL RS 7 431 5 4R 5 @t A 5 L BER 2
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