At 510 M
2017 4 10 A

it g

Pl
COMPUTER SCIENCE

B

2 Vol. 44 No. 10
Oct. 2017

—MATAREYHBREEGRINNNNERERRTETE

MBI #EE ¥ B E M
(Mo AFEGAEGEXRAFRT I 475004

i B RFHRERKBIZHRLREZ — AP RELRDRAGSREHREGRE, AL, HRRET b
F . ER EAE ML AFREWS 22 FF AR T M1 KB RE, EXNE KA ERE PR R RRITS
Fleg s b, o BRI T #hE RAF WA Koot F A AES B Ao b6 2 9% F R R 0GR SR AE ARG F R X R A AR S
WA — R R R R ERRARBREQE; AR RANAREBRARBHIEQE . MET —NRIED T
HRRERBERE AR EEBRFETEZRPRETANAHFEGEIB L RET —HRAREBRLTLS £
(DWCRO) 7 5t 2 A T RAEG TR ERA . EREH TR EREE L FREREKN, RBEGIREWF L
TR kAR T RAEY TR F A AR B IRA

KB FERRWBEEAT, AREWREFTES £, RAEH TR E, BERF

REESFES TP391.4 kR A DOI 10. 11896/j. issn. 1002-137X. 2017. 10. 054

Double Weighted Collaborative Representation Based Classification for Crop Leaf Disease Image Recognition

DU Hai-shun JIANG Man-man WANG Juan WANG Sheng

(Institute of Image Processing and Pattern Recognition, Henan University, Kaifeng 475004, China)

Abstract Crop disease is one of the main agriculture disasters in our country. It is critical to prevent and control crop
disease to recognize the category of crop disease. In this paper, we acquired 441 images composed of 22 kinds of crop leaf
disease images of wheat, maize, peanut, and cotton. For each crop leaf disease image, we extracted its leaf and disease
spot features after the leaf and disease spot have been segmented out, respectively. Furthermore, we combined the leaf
and disease spot features into a feature vector,and then normalized the feature vector by max-min normalization opera-
tion. Using the feature vectors of all crop leaf disease images,we constructed a crop leaf disease dataset. By considering
both the importance of data features and the data locality, we proposed a double weighted collaborative representation-
based classification (DWCRC) method for crop leaf disease recognition. Experimental results on the crop leaf disease
dataset show that DWCRC is more effective than the state-of-the-art methods for crop leaf disease recognition,
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