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Abstract With medical field are receiving more and more attention, the theory and application of natural language pro-
cessing began to expand the field, and information extraction technology in the field of application has become a research
hotspot. In this paper, based on the application of information extraction technology in medical domain entity relation
extraction,a weak supervised relation extraction method based on convolution neural network was proposed. This me-
thod adds the artificial rules to the training corpus with the entity relation label,and then transforms the weak relation
training corpus into the vector characteristic matrix,next inputs it into the convolution neural network for training the
classification model,and finally realizes the entity relation extraction. The experimental results show that the method is
more accurate and efficient than the conventional machine learning method.
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