Ba1E B

i LR ¥

Computer Science

Vol. 41 No. 9

2014 4£ 9 A Sep 2014

LBSN iy EE B 5 MK A FMER & B F T

& R WA
(HEAFEREEMNESITEYR K1) 410082)

i E AATOEEGHRSMAL T, FATAMNAF AL AR RE TR P E A0, KREERAAMG A FEH
WEABRFBLIBEAP  HROA P HELRERR B AMFEZ N £ 7, B RERIFHREA P G ERBLIE,
RET TR EL RS MBI RSO FATAMN Ak, HABTZ LI AT HRIE FRARRA P R4l
8 3 AR AE, R B T A B AE it AT RS RE R A A R BT FAG TN, KRR, RBEORBREMT
Btk FEFMMERT 2 2 ARA,
XK@ 2 E, I EE AT

FEESHEE TP319 XEIRINEE A DOI 10. 11896/j. issn. 1002-137X. 2014, 09. 022

Friends Prediction Based on Fusion of Topology and Location in LBSN
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(College of Information Science and Engineering, Hunan University, Changsha 410082, China)

Abstract In location based social networks,friends prediction usually predicts friends with some similarity metric, and
recommends the most similar users to some user. Traditional selection methods of user features don’t consider the
difference between different features, so they cannot represent the overall features of users, This paper proposed a
friends prediction method based on fusion of location information and social topology. First, we selected three relative
features that can represent the overall user feature with information gain, then fused the selected relative features, and

finally predicted friends with classification method. The experiments show that the proposed method doesn’t depend on

the concrete classification method,and performs better than the multi-layer friend model.
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