U

20104 10 A Computer Science Oct 2010

E T S451ER SAR BB LT KE S E

TREC F @ kEA
(BHETREHRE AETEER /M 51060 ("M FESAFERHALRE 1M 510006)°

 E 4440 RTACARBREREEMA SBL LA ATENEHIRET AT 241245 SAR AR
HEBESHF R, TARRT SARBEWYAHHREBHELE AEA LI ESEGETETCTIRAE AL E. AR H
A KEA R 2 A5 (PCAY B 5 st X s Fl e AR AT R A B R AR B EAE B0 2 e ie R BHA
Mean Shift kst LA 2 fiFie 2 &0 F 34T AR £, BT Mean Shift R E B P A FRHEE SN M, Bk, XA
RER-NAEEBEHESHEEE, KAT 54 SAR B% 4 Brodatz LB AR ABRMS B 8, S RIEN . AT &S
PR B AR SR N AR AR A, I AR B EG,

%4817 SAR B, 52 55, % %4, Mean Shift

hEZESEE TP7511 XEEERIRE A

Unsupervised SAR Image Segmentation Based on Multi-features
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Abstract For synthetic aperture radar(SAR) images with the characteristics of complex texture, large brightness range
and vague bridge boundary,a method of unsupervised SAR image segmentation based on multi-features was presented.
First of all, features of the local moments and the statistics(contrast, correlation, entropy, homogeneity) of gray level co-
occurrence matrix were extracted, Secondly, the dimensional reduction operation by principal component analysis(PCA)
was applied to these extracted features in order to obtain 2-dimensional features with adequate category information. Fi-
nally, pixels with 2-D feature information were automatically clustered by the Mean Shift method, As the Mean Shift
clustering method needn’t provide the number of cluster, this processing is an unsupervised process of automatic seg-
mentation. Composite image with Brodatz textures and SAR images were tested in segmenting experiments and the re-

sults demonstrate the method can achieve more accurate segmentation than other two methods in which only the gray
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level co-occurrence matrix or moments are employed.
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