BT H

Nej

L4l A

2010 4E 9 Computer Science

am

Sep 2010

ETXERENBEKGIER

FER EF1HE
(IHASBEEITE¥R - L4 214122)

B E MNTEFRAREARA RESH SRR EREHABRRZRTHRUKGEARPH U S m P4, 2
BELEBEAIBP,EHRRFORNLEHMBS - LT LN EREE, ERELFE P ATRENEBRFZCE
HBOBREREBRGEET., AR TREGFTRETHATHEBROBAT, EHERRFTH(KET
BRA AXEEFTORAFFTOEEEMABRE AARRRET IHATFRRENLTERR, HOREFE®
BREBRFREFORBEZE, ABRAE P mY W, RRAFPBITRNGPR, 0 ERBARBTERGFE, A
MRS A AR AR, FRERAY, R ENREF EEARERS R, EERRA RN ERBR
YRS TG m A iE,

¥R EFBERER, £FHE RE,EH—#H

HEESES TP751 XEARIEE A

Vectorial Scale-based Image Filtering

LI Yue-yang WANG Shi-tong
(School of Information Technology,Jiangnan University, Wuxi 214122, China)

Abstract As to the filtering of medical images, it is important to preserve edges and details. A major drawback of filte-
ring is that it often blurs important structures along with noise. Scale-based filtering methods of scalar images have been
studied in recent years. In this paper,we generalized the scale-based filtering method from scalar images to vectorial ima-
ges. Here we introduced three vectnrial scale-based image filtering methods on the basis of conventional VMF, BVDF,
and DDF. These new methods use local structure size or “object scale” information to arrest smoothing around fine
structures, The object scale allows us to better control the filtering process by constraining smoothing in regions with
fine details while permitting effective smoothing in the interior of homogeneous regions, Qualitative and quantitative ex-

periments based on Visible Human Project data sets demonstrate that our proposed methods outperform the corre-
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sponding conventional filtering methods in preserving edges and details,

Keywords Medical image filtering, Vectorial image, Scale, Region homogeneity
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