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Abstract Concept lattice is an effective tool for data classification, but classification efficiency and precision are effected
by its large scale. In this paper,rough sets theory was applied into the classification research of concept lattice,and a dy-
namical classification model(named CACLR) for ensemble learning based on approximation concept lattice of roughness
was put forward. This model can constructe some identical approximation concept lattice classifiers of independent dis-
tribution and much precision according to the instance spatial configuration at the scope of roughness, And it can elimi-
nate independent nodes in time during approximation concept lattice constructed, reduce the scale of concept lattice ef-
fectively. The multi-combination model for ensemble learning has robustness at the accuracy of rough classification and

the efficiency of knowledge prediction. In the last part of this paper, the experiments tested on the UCI benchmark data
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sets were carried on and performance results of were given, which prove the practical value of CACLR model.
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1. Input Concept Lattice L,Rough Thresholding [, 7]
2. L constructs the corresponding formal context L=U,M, )
3. For each node h€ L
4, S=GenSubNodes(h)
For each node h € S
Hh &L
L=LU{h,}
Add side h <—h in concept lattice L
S=SU{h}
10. YV Rough thresholding subset (1,7 ]C[q,y]
11.  For eachl,yJELWU,M, D
12, If yYNV4#@ then

Kl

13. For each((,7), (. nNEL
14. S:=SU{Gr—rd>—Va}
15. NEXT

16. If d,#V 47 then

17. S:=8—{y>({d=d)}

18. S<y(LWU,M,L)

19. Output approximation concept lattice of rough entropy S
B/iE 2 CACLR BRISFA2E 5] 5MRHRER

1. Approximation Concept Lattice of Rough Entropy S

2. Compute relative attribute reduction of approximation concept lat-

tice S

3. Combine the same attribute reduction sets,R=0

4, For each attribute a€ L

5. Compute rough entropy E({a}; D)

6. M—{a€ L|min{E({a};D)}}

7. Choose front attribute a& M

8. Descend tiered operating with attribute a

9. Compute U/{a}={U;,Uz,++,U;}

10. Construct decision information system $* = (U, ,U;,++,Us,L,

D,V.f)
11. For i=1 to s Do
12. {fU,&D;€U/D
13.  Then classification decision rulesets (ai,Vz) A+ A (ak,Va)—
(D;,\Va)

((aiyVa) is superior attribute and attribute-value pais;
(ar,Va)is self attribute and attribute-value pairs:

(Dj,V4) is decision attribute an attribute-value pairs)

14, Else R=RU{U;} }

15. If R~Q,YU;€R

16. PerformL =L~ {a}

17. Construct tiered decision information system S* =(U;,L,D,V,
N

18. Compute approximate importance and dependence degree
And gain classification decision rulesets R*

19. Output classification decision rulesets R*
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