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UIMMS of Maneuverable Target Tracking for Multistatic Radar System
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Abstract This paper presented the problem of tracking radar measurements of maneuvering target, discussed the kal-
man smoother, introduced the smooth methods, compared the methods of Unscented Kalman filter with Unscented Kal-
man smoother, Interacting Multiple Model Filter(IMMF) and Interacting Multiple Model Smoother(IMMF) based on
the Multiple Model idea. Meanwhile, for the problem of nonliner based on the radar measurements and the target charic-

terristic, designed the models of maneuvering target and several radar measurements, compared the classed methods and

tested the new methods, experiment results show the effectiveness.
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