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Abstract Heuristic coordinator for knowledge discovery could simulate “creating intent” of cognitive psychology fea-
ture and enhanced the ability of self-cognition, With the aim to improve the cognitive feature and the performance of
heuristic coordinator, the paper proposed one new heuristic coordinator algorithm, which used rule based fuzzy cognitive
map to represent knowledge and to be effective inference in order to get non-association state of knowledge base for di-
rectional mining shortage knowledge in massive database. And the experiment demonstrates that the approach effective-
1y reduces the searching space and increases the intelligence of knowledge discovery compared with the directed hyper-

graph based method.
Keywords Knowledge discovery in database(KDD) , Double bases cooperating mechanism, Heuristic coordinator, Rule

based fuzzy cognitive map(RBFCM) , Accessible matrix, Directional mining
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RBFCM F 44 % R 45 80 N — N AARE w, BRAR R
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FCOAERRRRE SANSETHESERNE",C X
REHENNEMESE SN S, RGN NEE RHR
WEAEL

8/~ RBFCM #i5t b — A W LBERE , A L C—
C ARE FEXFSSHEITE. HRNEIMUE w RRH
{flag,sup(C:i—>C;) } , Ei o flag BRI AR EAL, HAE S 1
A 0, HIRBBN“if C: then C;” HRIRHEA R B
W, sup(C;—>CHRPMERN C—~C; WIREE, AT
W “if C; then C;” B BIBIRIAREE .
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FE CuCCUGSCo 3 BB FE AT Ca HRTSHE R
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EE3 EEHN C—~C HXIFER sup(C—C), H
AEER sup(C:—~C;) /S,

PR AT FESHN C—C BHFHE sup(CG—>C) =0
(GUC)H/N,conlC;—C;) = 6(CGUC;)/o(C) s BT LA sup(CG—
C) % N/o(C) = con(C;—C;), HH ¢(C;)= S; * N, & sup
(C:—~C;))/Si=con(Ci—C;),
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th SR, W A—B, BT
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R A= (A—AD WS BN, R ERE TEEARRL,
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3.1 WAEREMEEEE

AR R EEORIRT 5 MEEGEE 1M 5, 4
FIHLUF 5 A R¥ok L. Hrh, Nodes F1 S 251 2 M ¥4z
FE rh AR ER A AR L 4 48 A5 45 A3 BA B AR SR AR BA B B9 & SRy 3
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void W : Referencel (int x,int y)

1 for each C,CC,

2 { k=Nodes. GetID(Cy);

3 State=(S. MaxState(x, k) +S. MinState(x,k))/2;
4 W. SetValue(x,k, 1,state);

5 id1=Nodes. GetID(C,UCy);

6  id2=Nodes. GetID(Cy—Cy) 5

7 W, CopyValue(idl,id2,x,y);}

void W::Reference2 (int x,int y)

1 for each CxCCy

2 if(Nodes. IsNode(Cg)! =0)

3 { id=Nodes. GetID(C, U (Cy;—Cy));

4 W, CopyValue(k,id, x,y)

5 if(W. Sup(x,y)<Zcon_th * S, State(k))
[ W. Set_Flag(k,id,0);}

void W :Reference3(int x,int y)

1 for each CxCCx

2 if(Nodes. IsNode(Cy)! =0)

3 { id=Nodes. GetID(C, U(C«—Ci));

4 W. CopyValue(k,id, x,y);

7 if(W. Sup(x,y)<con_th * S, State(k))
5  W.Set_Flag(k,id,0);}

void W . Referenced (int x)

1 for each C,CC,

2 if((Nodes. IsNode(Cx))! =0)

3 { id=Nodes. GetID(C,—Cy);

4 W. SetValue(k,id,0. S. State(x));

5 if (S. State(x)==sup_th& &

S. State(x)>=con_th % S, State(k))
6 W. SetFlag(k,id,1);}
void W::Reference5(int x,int y)
1 for each C,CCx
2 { if(Nodes. IsNode(C)! =0)
3  state=(S. MinState(x, k) +S. MaxState(x,k))/2;

W. SetValue(x,k,0,state) ; }

P GetID LAY RLIR B BB SRS . BIRES
F7E Nodes BAFIARFETE, M T/ AR F 45 =, FInd A Creat-
eState BRI S BAFIH AR Z SAPRSME. RALERK
(LEREEEORSE R SAFPZLESWIETFER
BB NVR A 5 A L8 S BRRSE N V1, TR E
EH 1 HEEBRRENRS. B, KA (C~COXHE
TR RIEEE 2, REMM(C.~C, HGCCHXRFES
AIELE G C, RN TERNB/IREESHAERXER
BB ORBSHE A EHE. HE IsNode i FHI5E Nodes BAS)
P REFESEE S EFERR 1, FNEME 0,

k1 A[KMERE W AEHE P Ref AcsMatrix
B RBERE W, BB AERIR o LA AARIR |
BN C—~C MEAERE W
Ref_AcsMatrix(W, 1,

1 if(I>Nodes. sLength())

2 { if({=W. GetFlag(r,D)==1
3 { W, Referencel(r,1);
4 W. Reference2(r,1);}
5 W. Referenced(1);}

6 if(r>> Nodes. sLength())
7{if(f==D

8 W. Reference3(r,D);
9 W. Referenced(r);}

10 f(d==0)

11 W. Reference5(r,1);

SHEN C—~C, R ERFAITTERRIE R A EAELR
FH Referencel — Reference5 SCBRAY ., T Xt ML ATHESS & C, .
JEHE S C BRERNEL S MHBRE T Nodes. sLength(),
TR R RIS, S AT o R 5 s R, B 45 A BAS
PR RS A ST HES 0 BT LALOE AT 2
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3.2 RETHAEREZE

ALK W S BUE 50 2 MELU BI A AR B S, BT RE
R, WAl gER A AR AN . E A AIRRIEE
MAEPHRENETEELE A RIAEEDFE —EX R
ERMTEERRERAN, K2, EAWEXFERFE, N
RARFRERIN . 5 KB MEZRE B RBFCM.HC X A%
BARB R SIS AR RPN MR F AW, #17E
BERE7

B*2 jpEAAEFEY RBFCM_HC
WA BB ESTR DB, FIHR AR K BB AERE W
i TR W, EHHANNE K
RBFCM_HC (DB,K,W)

1 if(K. RuleNum()! =0)
2 for(;K. Rule(i,j)! =Null;)
3 { W. SetValue(i,j,1,K. RuleSup(i,j));
4 Ref AcrMatrix(W,i,});}
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5 for(; W. FindBest(r,D==1;)
6 { sup= DB. MineSup(r,]);

7  con= DB. MineCon(r,D);

8 r=Nodes, GetID(C,);

9 1=Nodes, GetID(C});

10 W. SetValue(r,1,0,sup);
11 if (sup>=sup_th & & con==con_th)
12 { K. AddRule(C,—~C;,sup);
13 W. SetFlag(r,1,1);}

14 Ref_AcrMatrix(W,r,D);
15}

BIRE R P AR I AR FE P A AR R Y . 2R
FHEHRE K FFE AR (K. RueNumO! =0), 3B AED
HEHET 4 FHOXNREATTHE B8 A 45 8 0T AR &
BRI E RN RBRIE R BT 2 4 19 45 4 (FindBest) 71
BEGE 5 ), FE RN B LB A W ARBKES T ER
7= B KT B A VT SRR s T R R B MU FE b 1T 1)
U7 R EHKBIE S W AR K it B AR AR
i R AR IR, AR E P8 ] Ref_ AcrMatrix i+ H %3 N
BITTIRAERE . XHF— K EHERTISHELS S0, CELd
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K 388 (CUP, TUH, PURD s IFBREE T R/DX
FHE 0. 3 FIB/PAT{SEE 0. 6.

C T P H CUP TUH PUH
C ull Null Null Null Nuil Null
T [{1,045} Null Nuli Null Null Null
P | Nul Null Null  {1,04} Nuli Null
H | Null Null Null Null Null Null
CUP| Null Null Null Null Nuli Null
TUH| Null Null Null Null {1,032} Nul
PUH \Null {1,035} Null Null Null Null
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