BITH HE 1M

12 A1

Computer Science Jan 2010

20104E 1 A

T Fuzzy Rough SE 8 i) iE A FRAK 1 H &

=) =F Y
CGB PR A ENA LG TRER KA 610050)

B E BREBZAREIATTELOHAREZI—, 26045 TEANEITFE BB T —# LT Fuzy
Rough SALA &Y & XA K B F ik, A H k0 F —Fid iR 5 AN WA A £ T HOF 4R — 500h 494898,
MBIELE  RERBRIRREBLAELILPGERESL PHEANLAEERITIRC. F=F A A Fuezy
Rough £ HEA! P A8 X AR A M E IR T 6], b T LB AT B AR B, AR G X L 2L A, L L& Bp
AFIRB, § I TR & R FI MR L4352 T AHRF G RATIE, EFEAARBREHHTT
MK, R R L REANE S EAA RN,

X8I AR A M, 4795, Fuzzy Rough £ . A T #6953

mEZSHEE TPI8I XHKFRIRED A

Pronominal Anaphora Resolution within Chinese Text Based on Fuzzy Rough Sets Model
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Abstract Anaphora resolution is an important issue in natural language processing, This paper presented an approach
based on Fuzzy Rough sets model combined with instance -based learning approach to resolve pronominal anaphora
within Chinese text. The first phase of the presented approach is preprocessing. In this phase,after extracting noun pha-
ses and eliminating those whose number and gender features are inconsistent with pronominal anaphora, the potential
antecedents set was formed. Then, the attri-bute values of every noun phase in this set were computed according to an
attribute set which only involves shallow syntactic and semantic information. The second phase aimed to select repre-
sentative examples from the potential antecedents set and reduce redundant attributes to improve the generalization ca-
pability of these examples, These tasks were done by using concepts of Fuzzy Rough sets model. The two phases above
can be regarded as learning phase. In the last phase, those examples were used to estimate whether a new noun phase is

the antecedent of a pronominal anaphor. The presented approach was tested by People Daily corpus. The results show
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that this approach is effective.
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nlnt,/w 25 /nr W/nr B HG/d 18/ p [4E£4b/ns BB /nint ./
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HEBE s (0 B opev (O 7 H FEMERTHRET AW
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BT REBLEANTEMEZSN, B —RFEBDBARTTZ
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Stepl 4 k=1;

e 248 -

Step2 HKKIEA INST: RIS & LB 2o

Step3 4 RED=0Q;
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TTHRF . 4 ATTR=C UATTR;
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Step? % ATTR PHBHEREREEITA:
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XEMER T, ZHRE rd MIASMA uy () WE. Fik
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PEAASREFIR, I dBTESFH
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INST, #1 INST, L BIER AT REAR{L. EFIMTRS EE 5 E
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FIRNE L
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decision="{alse {£ % x R RRIAEITIE , decision=unknown R EE
i =z BERRIFEITIE.
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AL BRI B AT R TEIE S TR AARER
1998 4£ 1 A AR HIR7iEHET , ZEk B 258 ® 417 1A
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#2 NAKBLT
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AL B, 2R F NP M 87 S I 365 B R A M o
FARERAME R ERERMENER. siEm. “EF/n
fi1/%”,“88/nr BFE/nr F/c [/nr BB/ nr”,“F/nr 7K /nr
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B2 “AR”—iE, 725 M KERiD{E B/ DEF 2.
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ERUSIE.
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Xt F B “role” B EBE , £E 1 NP X 57 ¥ 317 18] 78 1 I o
ARRL SR AR R AT . B, 26 1 o, 4838 fil” B X R A
A “BEE AR 4 A0, KR E B R look |
FH IR K {agent, content} , & H W25 o9& AT H| Bt
“Ub” e, RIEE R AT LA RS th T BT
A FH RS, N 2R 7R “role” E W BUE RN
“rrue”, TUET AT AR R T AEEIE S, RIBE

F B “false”,

ZU FH E S BRI FE—E RN NP ke
RN B LBE, X NP XZATAEMTEREER,

HFALZGFERPHIEEN o), B THAMREEE
B L E, B A DR W 5 AE .

TEFIWT NP 25 R ORI ETiE, & LB NP &5 INST,
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BE , WER BRI R B E BB NPCAE Fifs B0
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Wizt % A 32 LB (cross validation) (77 =, &ML 1
& BXTRLAERSER N 6 4, B S I GREE 1 G S iRk
. BRI — R FIR B (Precision) #1 4 [H] 3 (Re-
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ERPEREIE oo

Precision= ARk E 10)
Recaly = ERBEREATIE 00, an

SrRREE

seAb i TR AUREE R R PR i, R AR AR R,

SUBRRTEMOFH . “Hf17 R A BRag A, EOR AT T,

X B, IER AR AR R 18 B UR BT A RSB 1T B B E B

#ii. HRALTERRLSBATE DA NEFHK NP, £
BARIERER. SRERME 3 s,

#*3 ZWER
WA/ HRE
E10.430F F10EF520, F1HEL3H, ;
E20EH 64 %66/ LAnEECH ESHEL6H EIBER4H, FHIREHSH T
/ E1h 524 I &34 e g6t/ Fsw E XX
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nz) A] LA R ARTA B e 4738 (R B 1R 0 i B9 54 138D
A — SN EE 7 M A RATE, B8 — B S B ER
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S AT/ B/ a AR /0 B1/d /v B /m AR /g L /W) RIAL TR
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HWIE A ELFH AR SO P BRI,
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