$FE3HE FEi2H
2011 4 12 B

R

Computer Science

Vol. 38 No. 12
Dec 2011

E T direct LDA B9 515 E BG4 5 3

X

e

(BZEpmFReFTR¥R WZ71012D

B OE NS SEsYROBERNE, R R SAEY RN S £ 5 & direct LDA FRZM®, AKMAHEK
M F) ) 45-#r (direct linear discriminant analysis,direct LDAY #4745 e BRI, R G AR EFERN PR AREEE LB
HATHA -, UE T R/ 491 B AR KA (airborne visible/infrared imaging spectrometer, AVIRIS) # & i %1%
AR A, A kA LDA TR A SR T Ak, T2 F SRR IB A, RGN &,

XKEBR WL AHETER.BERR, HLAESR
hEESFEE  TP391,TP751. 1,TP753, TNO11. 73

XHFFRIREE A

Hyperspectral Remote Sensing Image Terrain Classification Based on Direct LDA

LIU Jing

(School of Electronic Engineering, Xi’an University of Post and Telecommunications, Xi’an 710121, China)

Abstract Hyperspectral remote sensing image has the problem of high dimensionality. A new hyperspectral image ter-

rain classification method,i. e. ,direct LDA subspace method, was presented. Firstly, direct linear discriminant analysis

(direct LDA) was used to extract features in original high dimensional hyperspectral space, and then shortest distance

classifier was used to perform terrain classification in the feature subspace. Recognition results based on airborne visi-

ble/infrared imaging spectrometer(AVIRIS) hyperspectral image show that the presented method can remarkably re-

duce datd4 dimensionality and improve recognition efficiency.
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