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Partial Cut Set Algorithm for Maximum-flow of Networks

MAQO Hua MAO Xiaoliang LI Bin
(School of Mathematics and Computer, Hebei University, Baoding 071002, China)

Abstract Network maximum-flow problem is a classical module in graph theory. First, based on the rough set attribute
reduction algorithm of discernibility matrix, it defines a partial cut set matrix. Afterwards, it finds out all the cut by

meet and join operations for sets, Furthermore, the minimum cut is yielded out. At last,it gets the maximum flow of the
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network with the assistance of the theorem of maximum flow minimum cut.
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