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Study on Monte Carlo Location Algorithm in Wireless Sensor Networks
ZHANG Qi-man ZHANG Ying
(College of Information Engineering,Shanghai Maritime University, Shanghai 201306, China)
Abstract In the field of node location of wireless sensor network, there exist problems of high location error and low

sampling efficiency of the commonly used Monte Carlo-based location algorithm. In order to improve the sampling effi-
ciency and location accuracy of mobile node in wireless sensor networks, this paper made use of Markov chain to sam-
ple,and proposed an improved location algorithm based on Monte Carlo. The new algorithm combines the Markov chain
to complete the collection of node samples based on Monte Carlo algorithm, then filters them, and finally obtains the
exact position of the node by weighting the obtained node position values. Simulation results indicate that the proposed

algorithm has lower location error than other algorithms,and improves the sampling efficiency and location accuracy for

moving nodes.
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Fig. 1 Flowchart of improved algorithm
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Fig. 2 Distribution charts of nodes before and after moving
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