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Abstract Concerning the streak artifacts and noise in the image reconstruction for incomplete projection data, this pa-
per presented a image reconstruction model integrating I.1 and TV regularization. Based on this model, this paper pro-
posed a new image reconstruction method combining Bregman iteration and TV soft-thresholding filter. In the proposed
method, the projection data are first applied to carry out preliminary reconstruction through Bregman iteration,and then
the iterative results are used to minimize the TV model. At last, by repeating the above two steps, the reconstructed ima-
ge can be obtained. To demonstrate its effectiveness, the Shepp-L.ogan model without noise and the Abdomen model
with noise were employed to take experiments. The proposed algorithm not only has better visual effects, but also has
more excellent performance compared with the existing algorithms such as ART,LSQR,L1 and BTV etc. Experimental

results show that the proposed algorithm can well preserve image details and edges,and possesses good anti-noise capa-

bility s while eliminating streak artifacts effectively.
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Table 2 Experimental evaluation parameters

% PSNR/dB SSIM i /s
L1 41.2535 0.3106 35.560539
LSQR-STF 35. 9467 0.2169 37.042144
L1-TV 33.3731 0.6755 124. 974158
BTV 18. 3749 0.3394 70.580979
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