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Abstract Internet of Vehicle (IoV) can effectively cover the sensing area,so it is applied to large-scale urban sensing.
Meanwhile,in order to solve the problem that it is difficult for the IoV to transfer a large amount of data,the compres-
sive sensing (CS) is used to compress the data with spatio-temporal correlation by some researchers. However.,the cur-
rent researches on the applications of CS in the IoV do not consider dynamic changes in data characteristic and vehicle
distribution, which may lead to unacceptable errors. In order to ensure the accuracy of data reconstruction, this paper
proposed a dynamic CS approach in the IoV. The approach can automatically analyze the relationship among data chara-
cteristic, vehicle distribution and the number of measurements. Then,based on the CS,a function of adjusting the num-
ber of measurements is added. Through the analysis of data characteristic and vehicle distribution, the parameters of the
observation matrix in CS is adjusted in real time so as to improve the accuracy of reconstruction to achieve higher quality
data transmission. The experiment shows that the proposed dynamic CS method improves the reconstruction accuracy
by 15. 3% compared with the existing CS method in the IoV.
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