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Abstract This paper systematically combed the query-oriented automatic summarization technology,analyzed the basic
ideas,advantages and disadvantages of the methods used,and summarized the future development direction. By analy-
zing, four kinds of query-oriented automatic summarization were summarized: the method based on graph model, the
method based on machine learning,the method based on clustering and other methods. In the future, the method based

on neural network and multi model fusion will become the focus of future research. In the application level,it will be-
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come a trend to study the algorithm combining with the actual application scene.
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