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Impact of Blockchain Technology on Al
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Abstract Blockchain is the technology behind Bitcoin, with the characteristics of decentralization, non-tampering and
retrospective. Blockchain has been gradually applied in financial, digital rights,notarization. networking, document stora-
ge and other fields,and obtained great achievements. Blackchain has become a more and more popular research area like
AT (Artificial Intelligence) , Big Data and Cloud Computing. Al bases on massive datasets and powerful computing abili-
ty.and Blockchain can be well integrated into Al to promote it’s rapid development. On the basis of introducing the con-

cept and working mechanism of Blockchain, this paper mainly introduced the influence of Blockchain technology on Al,
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analyzed the application feasibility of Blockchain in Al,and finally put forward the prospect.
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