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Abstract Text emotion recognition is an important task in the community of nature language processing. This task

aims to predict the involving emotion towards a piece of text. This paper proposed a novel emotion recognition approach
based on character and word features. Compared to most traditional approaches,this approach employs both the charac-
ter and word features by considering the characteristic of microblog text. Specifically, the feature presentations of mi-
croblog are extracted respectively from characters and words. Then,a LSTM model (or Bi-directional LSTM model) is
employed to extract the hidden feature presentations from the above feature presentations. Third,the two groups of hid-

den character and word feature representations are merged to perform emotion recognition. Empirical studies demon-
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strate the effectiveness of the proposed approach for emotion recognition on SINA microblog.
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