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Abstract According to defects in basic ACS solving TSP, this paper added 2-opt local search strategy to ACS model to
improve the computing capacity and accuracy in the process of building the best tour. Moreover,since ACS algorithm is
easy to be parallel processed,this paper used multithreaded concurrency and parameter optimization to enhance compu-
ting speed of basic ACS. Finally, this paper actualized parallel ACS-2-opt algorithm which has preferable performance in
solving the medium TSP. According to the experimental results.2-opt strategy has obvious effect on improving the ac-

curacy of ACS solving TSP. The time cost of ACS solving TSP is distinct with different pheromone heuristic value set-

tings. ACS becomes vestigial when using reciprocal of distance between two nodes as the corresponding heuristic value.

Under the circumstance of parallel computation, ACS-2-opt has good parallel computing on solving TSP.
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