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Focused Crawling Based on Grey Wolf Algorithms
XIAO Jing-jie CHEN Zhi-yun

(Department of Computer Science and Technology,East China Normal University,Shanghai 200062, China)
Abstract In order to solve the problem that the focused crawler is difficult to achieve an optimal solution in the global
search,and improve the accuracy of the topic crawler and the recall rate, this paper designed a focused crawler search
strategy combined with grey wolf algorithm. The experimental results show that compared with the traditional breadth-
first search strategy and the genetic algorithm which is also a swarm intelligence algorithm, the performance of the fo-
cused crawler based on grey wolf algorithm was greatly improved,and more topic-related web pages can be crawled.
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