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Application of Local Autocorrelation Function in Content-based Image Retrieval
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Abstract In the field of image retrieval,in order to make the image retrieval more convenient and efficient, this paper
proposed a new image retrieval feature,namly local autocorrelation feature, which provides a new tool for content-based
image retrieval. It has the characteristics of orientation feature and texture feature. The experiment was carried out for
local autocorrelation feature presented in this paper on the CorellOK database, the experimental results show that the
average retrieval precision and recall rate of the local autocorrelation feature are lower than the color feature, but it is

higher than that of the orientation feature. In addition to color features, the local autocorrelation feature is an efficient

image retrieval feature.
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