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Efficient Task Scheduling Algorithm Based on Cloud Environment
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Abstract Efficient task scheduling is crucial in dealing with business efficiently and cutting down the operating costs
for cloud service providers. To improve the performance of task scheduling in cloud environment, this paper proposed a
new algorithm, namely greedy simulated annealing (G&.SA). Firstly,it finds the local optimal solution by executing the
greedy algorithm, which is used to initialize the current optimal solution of the G& SA algorithm and the initial solution
of simulated annealing algorithm. Secondly.the current optimal solution is updated by simulated annealing algorithm. As
a result,the experiment shows that the G&SA algorithm can achieve global convergence faster compared with the tradi-
tional task scheduling algorithm. In addition,the G&.SA algorithm not only obtains more stable optimization results and

improves the quality and efficiency of optimization,but also reduces the total task time costs. Average resource utiliza-

tion rate of virtual machine is steady at 99% or more,and the load can be more balanced.
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Table 1 Parameters of virtual machine resource
WAL F C/MIPs AE/GB #%/MB

1 885 2 1000
z 803 2 1000
3 802 2 1000
4 815 2 1000
b 957 2 1000
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Table 2 Parameters of G&SA algorithm
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