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Spectral Clustering Algorithm Based on SimRank Score
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Abstract Traditional spectral clustering algorithms only consider distance between data points,ignoring their intrinsic
relation. To deal with this problem, a spectral clustering method based on SimRank score was proposed. Firstly, the
method computes the adjacency matrix of the undirected graph data,and obtains the similarity matrix based on Sim-
Rank. Secondly,a Laplacian matrix expression is constructed based on similarity matrix, which is then normalized fol-
lowed by spectral decomposition. Finally,a k-means clustering procedure is performed on the obtained eigenvectors to
obtain the final clustering results. Experimental results on benchmark datasets from UCI data repository show that the

proposed algorithm is superior to the existing spectral clustering algorithms based on distance similarity in terms of

clustering accuracy,standard mutual information and purity.
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