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Abstract This paper designed and implemented a distributed deep learning platform based on Kubernetes. In order to

solve the propblems of complex environment configuration of distributed TensorFlow,uneven distribution of underlying
physical resources,low efficiency of training model and long development cycle,a method of containerized TensorFlow
based on Kubernetes was proposed. By combining the advantages of Kubernetes and TensorFlow,Kubernetes provides a
stable and reliable computing environment and gives full play to the advantages of heterogeneous TensorFlow, which

greatly reduces the difficulty in large-scale use. Meanwhile,an agile management platform is established, which realizes

the fast distribution of distributed TensorFlow resources,one key deployment,second level running,dynamic expansion,

efficient training and so on.
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