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Research on Ship Detection Technology Based on Optical Remote Sensing Image

YIN Ya HUANG Hai ZHANG Zhi-xiang

(Electronic Engineering College,Naval University of Engineering, Wuhan 430033, China)
Abstract The detection of ships in optical remote sensing images is a research hotspot with broad applications in the
field of remote sensing image processing and analysis. Based on the optical remote sensing image. this paper summarized
the main processing methods used in each link around the general processing flow of ship detection,and analyzed the ad-
vantages and disadvantages of each method. Then,the paper pointed out the bottleneck problems faced by each link,ex-

pounded the limitations of natural image detection methods applied to ship target detection and discussed the challenges

faced by current research. Finally,the relevant development trends were discussed.
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Fig. 1 Ship detection process
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