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Speech Recognition Combining CFCC and Teager Energy Operators Cepstral Coefficients

SHI Yan-yan BAI Jing
(College of Information and Computer, Taiyuan University of Technology, Taiyuan 030024 ,China)
Abstract In view of the imperfection of the existing features which represent the speech characteristics, this paper pro-
posed a mutual integration method based on Cochlear Filter Cepstral Coefficients and Teager Energy Operators Cepstral
Coefficients. First, the fusion feature of CFCC that reflects human auditory characteristics and TEOCC that embodies
nonlinear energy characteristics is applied to speech recognition system. Then principal component analysis is applied to
the selection and optimization of fusion features. Finally,support vector machine is used for speech recognition. The re-

sults show that the proposed fusion features can achieve better speech recognition performance than single feature,and

after combining PCA, the accuracy rate of speech recognition is increased by 3. 7% on average.
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Fig. 1 Flow of the proposed algorithm
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Fig. 2 Comparison of recognition rates of four experiments
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Table 3 Comparison of recognition rates based on ECFCC+ ACFCC
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