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Abstract Personalized recommendation technology has become a very effective approach to cope with “information
overload” in E-commerce. Aiming at the problems of data sparseness and cold-start in traditional collaborative filtering
recommender system,which have led to the decline of the accuracy in recommendation, weakened user’s confidence to-
wards the system,this paper proposed a new recommendation strategy using trust theory in sociology to offer users bet-
ter personalized service. From this perspective,user’s online comments to the items that they have experienced are ana-
lyzed,the user’s emotional tendency is extracted,and it is effectively quantified. The trust relationship between users is
grown by analyzing the similarity of user’s emotional tendency. At the same time, users’ rating data are combined to
compensate for the lack of recommendation factor caused by similarity as the only preference weight. The work in this
paper includes three parts:analysis and quantification of user emotional tendency based on online reviews, mo-deling of
trust relationship based on similarity between emotion and design of recommendation strategy based on trust relation-
ship. Experiments show that the proposed recommendation strategy can effectively reduce the average absolute error
value called MAE, which means the recommendation accuracy is improved. At the same time, the coverage rate is also
effective increased, which means that the system has more items to recommend. Additionally, the management mecha-
nism of trust relationship can also greatly enhance user’s personalized experience of the system and user’s confidence to
the system.

Keywords Collaborative filtering,Data sparsity, Trust relationship, Emotion analysis, Similarity
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