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Database-level Web Cache Replacement Strategy Based on SVM Access Prediction Mechanism
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Abstract Web cache is used to solve the problems of network access delay and network congestion,and cache replace-
ment strategy directly affects the hit rate of cache. For this reason, this paper proposed a database-level Web cache re-
placement strategy based on SVM access prediction mechanism. Firstly,according to previous access logs of users,a fea-
ture data set is constructed on the basis of extracting multiple features through a pre-processing operation. Then,a Sup-
port Vector Machine (SVM) classifier is trained to predict whether a cached object is likely to be accessed again in the
future,and the cached objects that are classified as not being accessed are deleted to free memory. Simulation results
show that,compared with the traditional LRU, LFU and GDSF schemes, this strategy has higher request hit rate and
byte hit rate.

Keywords Web cache,Replacement strategy, Access prediction mechanism, Support vector machine
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