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Abstract To improve the accuracy of keyword extraction,a text keyword extraction me-thod was proposed. This method
combines the influence factors such as word frequency,word length, word position and word length, proposes the weight
formula of candidate keywords. Then it obtains the relative optimal weight coefficient in the weight formula by experi-
ment,applies the weight formula to the candidate keyword scoring formula of TextRank algorithm,and extracts the ac-
curacy of text keywords. The accuracy,recall and F value of OPW-TextRank algorithm and TextRank algorithm in sin-
gle text keyword extraction were compared through the experiment. The results show that the accuracy of OPW-Tex-
tRank algorithm is higher than that of TextRank algorithm when the window size is 6. It is useful in natural language

processing keyword system based on text keyword extraction.
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