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Abstract The diagnosis of Parkinson’s tremor and essential tremor has been a clinical problem,and proper diagnosis is

of vital importance for the treatment and rehabilitation of patients. With the development of sensor technology and arti-
ficial intelligence (AD ,more and more scholars begin to use state-of-the-art technology to assist diagnosis of two disea-
ses,and satisfied results were achieved. This paper summarized the wearable devices currently used for the diagnosis of
two diseases and related Al classification algorithms, and discussed their advantages and limitations. Finally, this paper
analyzed the main problems existing in the related researches and pointed out the possible research directions in this field.
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Fig. 1 Different types of tremor signal acquisition postures
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Table 1 Pros and cons of three different sensors in tremor diagnosis
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