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Abstract To effectively realize the sentiment orientation prediction of the review text,based on the deep forest model,

a deep forest algorithm BFDF (Boosting Feature of Deep Forest) was proposed to classify the text. Firstly,the binary
features and emotional semantic probability features are extracted. Secondly, the evaluation objects in the binary features
are clustered and made features fusion. Then, the deep forest cascade characterization learning ability is improved to
avoid the gradual reduction of feature information. Finally, the AdaBoost method is integrated into the deep forest.so

that the deep forest notices the importance of different features,and the improved model BFDF is obtained. The experi-

mental results on the hotel commentary corpus demonstrate the effectiveness of the proposed method.
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Fig. 4 Relationship between evaluation index and number

of decision trees
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Fig. 6 Trend of accuracy with £ on positive corpus sets
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WEP CWLDA™ DL K 3830 42 4 i 7 100, 78 b 454l 4 1
PEAT ST 86 X He 45 R L LR (14) — 3K (16) B 7 (4 HE R R (Pre-
cision) , & [8 & (RecalD) #1 F-Score 1 4 PP b 7

. N,
Precision= "

N. (14)

Recall:% (15)
<« _ Precision XRecall X2

F=Score = Precision+ Recall (16

Hor N, RIEF KRS N, BEL SRR N
R BB, ARG R 1 A,
1 K% BFDF S5 8% DF (%) 45 5

Table 1 Compared results between BFDF model and DF model
(AT %)
HA DF(E)  BFDF(E)  DF(fi)  BFDF(fi)
R 91.81 94. 31 90. 95 93.45
4% 90. 95 94.09 92. 24 94. 74
F-Score 91.38 94. 20 91.95 94.09

158 B OCARRHE AR BUS B RRAE 43 5 i A B A
111 Deep Forest 5 4% 3C [ #5581 BFDF 1, 45 5 i /R . BEDF
) SI 36 355 A 35 1 T DR A R, K 1 WA AR SO VR B R AR LK 2
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SCHR 19 ] LA 2 (1 T i 4504500175 JR% 1) S Sy B il 4 47 4R AT %
B85 G SRR L SVM HEAT SCAR TS I 428, 3R 2 v X
FbSCRRCLO TR, A SCHYAS 2 26 F BT 04 1 J i) i 02 7 TR
7 R R L 1 SRR D HEAT B TR L (0 SR 2 R 9 R 58 4 R A X
T A AL A DR o o 1 R A SRR B SCRR (19 158 3, AT
25 SCAREAE A SR LS T S

#* 2 HiAl BFDF 585 SVM B9 xf b 45 21
Table 2 Compared results between BFDF model and
SVM model

CHAT Y0
il CE B E)
85. 45
93.45

#A EmOEHF)
SVM 86.73
BFDF 94, 31

F 3 MR A KX LLSCHR 3R A T M AR, 3R 3
HoCERL20 J8GH T % 48 CNN 76 45 U2 (454 L & Bk 1k
KM 5 Dropout 515 AH 45 5 o S B 4y 26, 3 4 v S0k
(218 72 CR.W BERL Y BERE 1 ah A5 105 B AIal o 15 80k
YN ) &, IR LSTM BRI S U IR Ay 26 . Al A SC 4R
B AR TG BEBR A P 28 I 26 5B 1) &2 2% B T, I SR 2 A
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# 3 B BFDF 5484 PCNN+ Dropout 9%} Lt 45 5
Table 3 Compared results between BFDF model and
PCNN-+ Dropout model

AT 2 %)
HR HHE
PCNN+Dropout 91.00
BEDF 93. 23

F 4 M BFDF 5488 LSTM-CSP-WE #y X H 4% 5
Table 4 Compared results between BFDF model and
LSTM-CSP-WE model

(AT %)
LSTM-CSP-WE LSTM-CSP-WE
B
(E) BFDF( ) (%) BFDF( 1)
K& 86. 41 94, 31 85.76 93.45
A E % 85.33 94.09 86. 33 94. 74
F-Score 85. 87 94. 20 86. 04 94. 09

& 5 i sCmk 22 13 A 15 1 5 6 Bk - 1) (9 B B 45 i)
VT3> AN R] B ASC R, 4R Ji5 R P OGS 1) 40 D 1 SRR AT 1, % BB 0k )
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AdaBoost J7 ¥ 25 FFAETR T ) 4 BT L 3 B 7E Il Fhoid 72 A AR 40
B — B 05 B A R R R AE AU L 3R v T ORI Ay R HERR R

# 5 BRI BFDF 5% WLDA X LE 455
Table 5 Compared results between BEDF model and WLDA model
CBLAT 2 %)

AL E s CQE#F) i QR # %)
WLDA 86. 80 92. 60
BFDF 94. 31 93. 45
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Table 6 Compared results between BFDF model and another model

CHp s )
A X#[21](E) BFDF(IE) X#k[21]CH)  BFDF(4)
R 84.92 94.31 67.43 93.45
EEREES 78.83 94.09 61.54 94. 74
F-Score 81.76 94. 20 64.65 94.09
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