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Application of Illumination Clustering and SVM in Energy-saving Control Strategy of Street Lamps
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Abstract The traditional street lighting industry mainly adopts the strategy of time.,latitude and longitude,illumination
and so on to control street lights,and the theory of illumination control has the best energy saving effect. However,due
to the error of light collection,installation angle and other environmental factors, the energy saving effect has not been
maximized. Aiming at this problem, this paper proposed a street lighting energy saving control strategy based on illumi-
nation clustering and support vector machine algorithm. This method collects the light intensity, time and installation
angle data,and uses K-means algorithm to cluster the illumination data and changes the original light illumination data
into 5 grades (from 1 to 5). Then, the data is trained by SVM, and the switching time of the street lamp is predicted

without considering other external factors. The experimental results show that the algorithm can effectively reduce the

power consumption of street lamps.
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Fig. 1 Architecture of road lamp control system
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