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Abstract Searching and matching the vehicle which caused traffic accidents is a challenging problem of great impor-
tance in Intelligent Transport System (ITS). Compared with the traditional methods, visual attention model provides a
new perspective by merging several fundamental features. This paper presented a new method to extract color informa-
tion from an image aiming at vehicle matching problem. By combining with intensity and orientations under the frame-
work of quaternions,a quaternion visual attention model was proposed. Experiments use the quaternion saliency as the
new feature to match the vehicle which caused traffic accidents and the results demonstrate that the proposed approach
is able to narrow the searching range effectively with good accuracy and robustness.
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