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Employing Multi-attention Mechanism to Resolve Event Coreference
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Abstract Event coreference resolution is an asignificant subtask of information extraction and plays an import role in
information fusion, QA system and reading comprehension. This paper introduced a multi-attention-based CNN neural
network, called CorefNet,to resolve document-level event coreference. CorefNet uses a deep CNN to extract event fea-
tures and a multi-attention mechanism to capture important features. Compared with most previous studies with proba-
bility-based or graph-based models, the proposed model only uses a few features. Compared with the current main
stream nueral network model, this menthod can extract deep event features,and significantly improve the performance of

event coreference resolution. The experimental results on the ACE2005 corpus show that this model achieves the state-

of-the-art results.
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Fig. 1 Architecture of CorefNet model
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Table 1  Statistics of ACE2005 corpus
corpus # Docs # Sens # Mentions # Chains
ACE 599 15494 5268 4046
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Table 2 Experiment results

CHLAE 2 26D
Blanc B3 MUC
System AVG
P R F1 P R F1 P R F1

Liu  70.01 70.88 70.43 88.86 89.90 89.38 48.75 53.42 50.98 70.26
Krause 71.80 75.16 73.31 86.12 90.52 88.26 45.16 61.54 52.09 71.22
CorefNet 75.85 77.05 76.44 88.43 88.12 88.27 60.14 61.48 60.8075.17
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TR BEE . XSS5 R UE T A SCHY CorefNet it 28 W 4%
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Table 3 F1 comparison with methods adding res,attention,or SRL

CHLfT 2 %)
System Blanc B? MUC AVG
Base 74.24 88.08 56. 34 72.88
+Res 75.09 87.87 57.65 73.53
+ Attention  75. 82 89.05 58.49 74.45
+SRL 76. 44 88.27 60. 80 75.17
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S, : There were no reports of protests against the war

from the Gulf States many of whom are host to US military.
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Si :We are warning Israel not to exploit this war against
Iraq to carry out more attacks against the Palestinian people in
the Gaza strip and destroy the Palestinian authority and the
peace process.

TS S, A £ 0y B, B A AL A LKL T S5
S, 2 EF e . A SO TE R )LD 2 X% B3 “no/not”
“against”“war” S MK BUE , B /R TN FHNENRK R,
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SEARKRHE T A ] DR B AR s oT L BL T 2 — 4
¥

S; : They primarily talked about the war in Iraq.
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