%46 & 10 D2 M- N 1 M = A < Vol. 46 No. 10
9 4E 10 H COMPUTER SCIENCE Oct. 2019

Rz F 8 %2 50 38 5 1E B9 N B B Hi 3R & 0%

BEER REER! | % 2 B
(HITEIA%EE%¥RE MM 310018 (Lo AFRTHRA Lo 753-8514)2

B OE ASBTARRINRAATHEIBRABLRAE ABARFTXXLEORA . RET R ARSEHLRE
AR AR B R B Fk . BT, ERMARE RIA NS E S AR P RSN S HR AN, A de b K A
EENERAG, HEXFREVNALARFOA PFPRBEEAR S EERGEHE, RATEZRABROHNHFRL T @,
Bl TE M HEXEREMNEEPRARTOATEEFELARBERES>HOEREMN T E, L PERIET &85
JEAZ BT R 5 F AL EBARG ARG EBE AR T AFLEFEGHEE . FRET LT EH
HE & A A A B By IR AR AR G AR SR IR A S k. B2k, 18 i seetaFace AWM M) ik A5 A BOACBR A AR, 5F A
AARAEFFZERBROEARGEAR, ARV ABFTAGG TR LR . BIHEREH TN TS5 B BIE T
EHEERETERE ARAEE S BN T A AR MRREEAFIE, RS . RARESATNERFIEARR T EELRRE
PRI, TR A BERRGFIER TSN —AHFIEEG F .5 L8 2 H (Support Vector Machine, SVM) 91
G kB., BATRAZEE MSU,CASIA,OULU B EAB ERE MK IEE P RITER, FREREAW, L 20 HiER
WL ESREHFELRFT RAFHER,

K EARAN,ARRA KL, E TN

FEESEES TP391.4 XHiARIRES A DOI 10.11896/jsjkx. 180901688

Face Anti-spoofing Detection Using Color Texture Feature
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Abstract Aiming at the difficulty that face recognition system could be easily deceived by face photos and face videos,
a face anti-spoofing detection algorithm were proposed, which uses the fusion color texture features. At present, the
main face anti-spoofing detection algorithms are divided into user-matched detection and silent detection. For hot online
authentication system nowadays,silent detection has become popular because of its good user experience and accuracy of
classification results. Different from the currently popular methods based on brightness characteristics and image quality
analysis, the proposed method studies the effectiveness of color features and combined texture features,and then the
method combining brightness features, color features and local texture features is proposed. Firstly, the seetaFace algo-
rithm is used to get the coordinates of face and eyes. And then the images which only contain the face are extracted to
reduce the interference of background. Secondly, the color information and the brightness information in the image are
separated by converting color space and color channel separation. Finally, the method of extracting fusion local texture
features is used to extract features from different channels and the feature vectors extracted by each channel are com-
bined and stretched into one-D feature vector,and SVM(Support Vector Machine)is used to train the classifier. The al-
gorithm was performed on the MSU, ASIA,ULU base-line spoofing face database. The experimental results show that
the proposed method performs well on improving classification accuracy.

Keywords Liveness detection,Face recognition, Texture feature,Color space
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Fig. 6 Flow chart of face anti-spoofing system
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