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Abstract With the development of e-sports industry, it is more and more important to analyze data accurately and
quickly. This paper studied the prediction of e-sports behavior pattern . From the perspective of measurement learning,
the model inaccuracy of the prediction of e-sports behavior pattern caused by different evaluation scales of teams is im-
proved by introducing modified cosine measure instead of cosine measure. Meanwhile.in order to further improve the ac-
curacy of the model, this paper started from the characteristics of the data in this paper. Considering that this paper pays

more attention to the content of data. LRUA module is introduced for memory access. Experiments show that the pro-

posed model has high accuracy and low volatility.
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