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Review of Maritime Target Detection in Visible Bands of Optical Remote Sensing Images
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Abstract Maritime target detection based on visible bands of optical remote sensing images is a research hotspot in the field of
remote sensing. In order to promote the development of maritime target detection based on visible bands of optical remote sen-
sing images, this paper summarized the current major methods. Firstly, this paper introduced the target characteristics of visible
bands of optical remote sensing images and the basic process of image target detection,and analyzed the research status of remote
sensing image target detection. Secondly,aiming at the problem of rapid detection of maritime target.this paper introduced the re-
search status of visual saliency method in remote sensing image target detection. Thirdly,aiming at the problem of remote sensing
image classification and recognition, this paper introduced the research status of convolutional neural network in remote sensing
image target detection. Finally. this paper summarized the existing problems and future research directions of the current methods
for maritime target detection.
Keywords Remote sensing image, Target detection, Visual saliency,Image classification,Convolutional neural network
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