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Abstract Traditional ontology algorithms use heuristic tricks to calculate semantic similarity. With the increasing amount of data
processed by ontology,more and more machine learning technologies are applied to get ontology functions. Stability is a necessary
condition for ontology learning algorithms which requires that there is no substantial influence on the obtained optimal ontology
function if the ontology sample set is slightly changed. This paper studies the stability and corresponding statistical characteristics
of ontology learning algorithms in the setting that the dependency relation of ontology samples are characterized by a graph. First-
ly,the traditional PO and LTO uniform stability conditions are analyzed. Then,the extended uniform stability conditions Pk and
LkO for large samples are proposed,and related theoretical results are obtained. Finally.two sample transformations (replacement
ontology samples and delete ontology samples) are combined to bring forward the concept of combined uniform stability in setting
of large ontology samples.and general results are yielded by using statistical learning theory. In addition.under various stability

conditions, the generalized bounds of ontology learning algorithms that satisfy the m-independent condition are discussed.
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