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Candidate Region Detection Method for Maritime Ship Based on Visual Saliency

LIU Jun-qi', LI Zhi* and ZHANG Xue-yang®

1 Graduate School, Space Engineering University, Beijing 101416, China
2 Space Engineering University, Beijing 101416, China

Abstract Maritime ship detection technology has important civil and military value. Aiming at the problem of low accuracy of
ship detection in complex sea scenes,a candidate region detection method for maritime ship based on visual saliency is proposed.
In order to detect all the candidate regions of ships,the proposed method firstly uses Scharr edge detection operator to extract the
edge contour features of salient targets,and then uses FT to obtain the final detection results of candidate regions based on the
edge detection results. Experimental results on publicly available remote databases show that the proposed method gets good de-
tection results in the detection of candidate regions of ships in a variety of complex marine scenes and realizes the quick extraction
of the candidate regions of ships.

Keywords FT saliency model,Scharr edge detection operator,Candidate region extraction, Remote sensing image
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